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Abgract: The corflict between vaidity and extendhility can be lved by usng a muti-9de increase by degrees agorithm
(shortened form MIDA) a machine learning in a data sst with afeature space o high dimengonaity and with large anount of sanples
that belong to many different dlasses. In the dgorithm ,the sample st is divided into severd sanple subsets 9ep by sep by double
point. These feature subsets to metch each sanple st may be extracted at the same time. The method o different treatment to each
sarple subset is dmilas to thet facing difficult problems people consder and seek a answver from different enphases and multi Sdes.
The dgorithm can dasdfy the difficult problems dfectudly and ra se the extens bility and reduce the conplexity in condition of edab-
lished accuracy. The multi- Sde increase by degrees agorithm baseson a covering agorithm a machine learning. MIDA is used to das-
dfy a date st from Shangha’ s dock ,and the result is stigied.
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